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ABSTRACT: Positioning disturbance sources is the precondition
of confirming the liability for reducing power pollution in power
system. This paper presents a method to analyze the mutual
influence of the voltage events generated from the different nodes
and then locate the voltage disturbance sources in a grid based on
massive existing power quality monitoring data and association
rule algorithm. This paper focuses on the implementation of
transforming a batch of actual power quality data from a
single-node
two-dimensional table. After that, we chose the PF-growth
algorithm with some appropriate parameters to calculate the
affecting relationship on voltage events between the nodes.
Relative to the traditional methods, such as system simulation
and matrix calculations, this method has low cost, fast and
efficient computing features.

KEY WORDS: power quality, disturbance location, association
rules algorithm, grid data mining
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Figure 1. Modeling Flow of PQ Association Analysis

A RBRGHKIE 5if

AR SC LAYT 7348 FRL I ) FEL R S B 5 S e
HBEAT 7 5T G BA HT 1) P e A 05 i 6 R 4 5
e/

4.1 YR EiREN

NS @M 5k € I = P Xl A e e sRWN AR A€
i, GEE RS 1000 MR . A B
F= A R & 1 SRR B ARk (dat_overrun)
HEARGH W NER.

0ID [=] chv_o1p [] cHI_oID [ DAT_0ID [] KIND[] OC_DATE [=] s8q ] coL []
1304382424 o 3131| 6898101202 &|"2012-08-15 00:10:00" |"A" ‘11"
1304382425 0 3131| 6898101202
1304382426 3131 6898101202
1304382427 3131 6898101203
1304382428 3131 6898101203
1304382429 3131 6898101204
12304382420 3131 6898101204
1304382431 3131 6898101205 "2017-08-15 00:40:00"
12304282432 3131 6898101205 "2012-08-15 00:40:007
1304382433 3131 6838101206 "2017-08-15 00:30:00"
1304382434 3131| 6898101206 6|"2012-08-15 00:50:007

2 HEtREREHEEIRRENRIEE
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